Mixture distributions models:
Application to multimodal data
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Mixture of distributions models are a weighted combination of simpler distributions that help to analyze the heterogeneity of data sets with multimodality. The respective parameters will be estimated
using the EM algorithm and the maximum likelihood method. A mixture of two components of normal distributions will be fitted. This result is supported by the goodness-of-fit study of the model
together with the estimation of the model parameters. The R mixtools library is used, applied to a data set between the years 2002 and 2021 where the distribution of the variable of interest presents
several peaks where most of the observations are collected. The objective is to identify subgroups that present specific behaviors or characteristics in order to obtain meaningful information and better
understand the characteristics and trends within the studied population and the resulting subgroups.
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Age groups have different weights in the distribution to be adjusted, since they are made up of different populations. Rates
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